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Abstract

Introduction: Generative artificial intelligence, such as ChatGPT, has transformed higher education by facilitating
autonomous learning and content creation, while also posing challenges in ethics, assessment, and academic integrity.
This research aims to identify the theoretical models, analyzed factors, research methods, sampling approaches, and data
analysis techniques used in studies on ChatGPT in higher education. A systematic literature review following the PRISMA
protocol was conducted using ScienceDirect, PubMed, and EBSCO (September 2023 - September 2024). Quality criteria
from JBI and those proposed by Ijaz and Yadegaridehkordi (2024) were applied, resulting in the selection of 27 studies,
mostly from Asia. The results show a predominance of quantitative approaches, based on surveys and statistical analyses,
with SEM (Structural Equation Modeling) and CFA (Confirmatory Factor Analysis) as the most frequent techniques.
Convenience sampling was the most commonly used method. In conclusion, perceived usefulness, social influence, and
behavioral intention emerged as key factors in the adoption of ChatGPT. It is recommended to expand research to other
regions and to establish policies that ensure its responsible use in education.
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Aceptacion y adopcion de ChatGpt en la educacion superior:
una revision sistematica

Resumen

Introduccion: La inteligencia artificial generativa, como ChatGPT, ha transformado la educacién superior al facilitar el
aprendizaje auténomo y la generacién de contenido, y también plantea retos en ética, evaluacion e integridad académica.
En la investigacion se propone identificar modelos tedricos, factores analizados, métodos de investigacion, enfoques de
muestreo y técnicas de anadlisis en estudios sobre ChatGPT en educacién superior; para ello se ha realizado una revision
sistematica de literatura (PRISMA) en ScienceDirect, PubMed y EBSCO (septiembre 2023 - septiembre 2024), se aplicaron

criterios de calidad del JBI, y de Ijaz y Yadegaridehkordi (2024) v se seleccionaron 27 estudios, principalmente de Asia. En los
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Acceptance and adoption of ChatGpt in higher education: a systematic review

resultados ha predominado el enfoque cuantitativo basado en encuestas y analisis estadisticos, destacando las técnicas SEM y

CFA. El muestreo por conveniencia fue el mas frecuente. En conclusion, la utilidad percibida, la influencia social y la intencién

conductual emergieron como factores clave en su adopcién. Se recomienda ampliar la investigaciéon en otras regiones y

establecer politicas que regulen su uso responsable.

Palabras clave: chatGPT, inteligencia artificial, educacién superior, aceptacion, adopcién.

Introduction

Since its public launch by OpenAl in Ilate
2022, ChatGPT has significantly burst into the
technological landscape, impacting multiple
sectors, including higher education (Ellis & Slade
2023; Stojanov et al., 2024). This language model,
based on artificial intelligence (AI) and developed
using pre-trained transformers, has demonstrated
ahigh capacity tounderstand and generate human
language conversationally (Acosta-Enriquez et al.,
2024; Sallam et al., 2023), producing texts almost
indistinguishable from those written by humans
and overcoming time and space constraints
(Graham & Vaughan, 2022; Marjanovic et al., 2024).

Unlike traditional chatbots, which are limited
by predefined responses, ChatGPT offers a wide
range of functionalities: information search,
text writing (Macdonald et al., 2023; Strzelecki,
2023), translation, academic feedback (Stojanov
et al., 2024), generation of educational resources,
among others. This versatility has facilitated
their rapid adoption in educational settings,
promoting new forms of teaching and learning
(Margono et al., 2024).

However, their integration poses several
challenges. One of the mainrisksis the generation
of erroneous, biased or discriminatory content
(Obaid et al., 2023), due to the nature of the data
with which it was trained (Singh et al., 2023).
There are also concerns that overuse by students
will reduce the development of skills such as
critical thinking and problem solving (Garcia-
Penalvo et al., 2024). Ethically, there are concerns
about its potential to facilitate plagiarism and
academic dishonesty (Al-Abdullatif, 2023) by
allowing the creation of original work with
apparent human authorship (Cotton et al., 2023).
Moreover, although it produces high quality

texts, ChatGPT lacks contextual understanding
and may provide irrelevant or incorrect answers
(Wardat et al., 2023).

Against this backdrop, multiple studies
have explored the acceptance and adoption of
ChatGPT in higher education. These studies have
addressed everything from student satisfaction
to the use of the tool to solve academic doubts
(Acosta-Enriquez et al., 2024; Cebrian et al., 2024).
They have considered variables such as effort
expectancy, social influence, anxiety (Habibi et
al., 2024; Sallam et al., 2023; Sobaih et al., 2024),
performance expectancy, and educational and
technological self-efficacy (Elshaer et al., 2024).

In addition, models based on different
theories, such as the Unified Theory of
Acceptance and Use of Technology (UTAUT),
Social Cognitive Theory (SCT), and Theory of
Planned Behavior (TPB), have been developed
and used to analyze factors influencing ChatGPT
integration in academic contexts (Bouteraa et al.
2024; Habibi et al., 2024). For example, the Value-
Based Adoption Model (VAM) has been used
to explore how perceived value and Al literacy
affect usage intention (Al-Abdullatif & Alsubaie,
2024; Mahmud et al., 2024).

The effects of ChatGPT on student intrinsic
motivation for active learning have also
been evaluated (Lai et al., 2023), as well as
its usefulness in fostering self-regulated and
metacognitive learning (Dahri et al., 2024).
Likewise, their levels of acceptance have been
studied in various educational scenarios, both
in teaching and learning (Abdaljaleel et al., 2024;
Cebrian, 2024; Singh et al., 2023; Sobaih et al.,
2024). In this regard, instruments such as the
Technology Acceptance Model Edited to Assess
ChatGPT Adoption (TAME-ChatGPT), designed
specifically for health education contexts, have
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been developed (Sallam et al., 2023).

In addition, additional factors related to the
intention to use ChatGPT among university
students have been explored, including variables
such as awareness of the tool and perceived
enjoyment of its use (Abdalla, 2024). The
methodologies applied in these studies include
quantitative, qualitative, and mixed approaches,
with variety in sampling methods, which allows
capturingdifferent dimensionsof thephenomenon
and facilitates comparison across studies.

Given the diverse landscape of studies on the
use of ChatGPT in higher education, with varied
approaches and findings, a review is needed to
structure the available evidence, identify gaps,
contrast theoretical models, and serve as a basis
for future research.

Consequently, this study aims to analyze the
current scientific literature on the acceptance and
adoption of ChatGPT in higher education. This
review seeks to identify the theoretical models
used, factors analyzed, content, research methods
applied, data analysis techniques, sampling
approaches, sample characteristics, and results in
terms of reliability.

Method

A search for information was conducted based
on the Preferred Reporting Items for Systematic
reviews and Meta-Analyses (PRISMA) statement and
checklist, Page et al. (2021), and the keywords and
Booleanoperators: Modelandinstrument “Adoption”
OR “use” of ChatGPT AND “higher education”. This
search was conducted in ScienceDirect, PubMed,
and EBSCO, limited to titles and abstracts written
in English, identifying papers published between
September 2023 and September 2024.

Eligibility Criteria

Studies published in peer-reviewed scientific
journals, written in English and focused on the
adoption, acceptance or use of ChatGPT in higher
education were included. Research on other
topics, systematic or argumentative reviews, short
reports, conference papers, dissertations, books
and editorials were excluded.

Study Selection Process

After searching in Science Direct, EBSCO, and
PubMed, 175 articles were obtained. In the
first stage, 4% were eliminated because they
were duplicates. Subsequently, when titles and
abstracts were examined, 68% of the remaining
168 articles were discarded because they covered
unrelated topics. In addition, 2% of these articles
could not be retrieved (Figure 1).

Of the 50 articles selected during the second
stage, 46% did not meet the established inclusion
criteria, resulting in a final total of 27 articles, 54%
(Figure 1).

From the twenty-seven articles included in the
review, the authors of this study independently
extracted the following data: reference, citations,
study topic, theoretical models, instruments used,
factors or variables included, study approaches
and techniques, sample characteristics and main
results.

Quality Assessment
Toassessthemethodological quality of the studies,
a checklist with six key questions was developed,
based on the JBI tool (Moola et al., 2020) and the
standards proposed by [jaz and Yadegaridehkordi
(2024). Responses were classified into four
categories: Yes, No, Uncertain and Not applicable.
This process made it possible to identify strengths
and possible limitations of each study. Those
with the highest number of affirmative responses
were considered solid. Based on the criteria met,
the studies were classified as high or moderate
quality. As a result, all 27 articles were retained, as
they met the required quality standards.

Results

Temporal Distribution of the Research

Figure 2 shows the evolution of academic
production related to the acceptance and
adoption of ChatGPT in higher education between
September 2023 and September 2024. A gradual
growth is observed, with peaks in May and
September 2024, with four published articles. This
increase reflects the consolidation of ChatGPT
as an emerging line of research, focused on
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Figure 1
Flowchart According to the PRISMA Statement
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technological acceptance, student and faculty further explored. The recent boom could be
perceptions, and its educational impact. This due to the need to evaluate its effectiveness in
trend is expected to continue as its applications learning, its ethical dimension, and its potential to
diversify and its pedagogical implications are transform traditional educational practices.
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Geographical Location

The studies show a diverse geographical
distribution (Table 1) with a predominance of 74%
in Asia, with Hong Kong and countries such as
India and Bangladesh standing out, represented
by authors such as Lai et al. (2023), Sallam et al.
(2023) and Almogren et al. (2024). Europe accounts
for 15% of the studies, carried out in countries
such as Spain and the United Kingdom, with
contributions by Singh et al. (2023) and Cebrian
et al. (2024). The remaining 11% corresponds to
America, Africa, and Oceania.

Research Citations
To calculate the citations for each article, Google
Scholar was used due to its wide coverage of

academic literature. Table 1 presents the number
of citations per study with data updated as of June
9, 2025, reflecting their impact on the research
community.

This analysis suggests that the studies with
the highest number of citations have stood out
for offering novel perspectives, employing sound
theoretical frameworks, or presenting significant
practical applications, which demonstrates their
contribution to knowledge in the area.

Research Methods Used

Most of the studies (21) adopted a quantitative
approach, using surveys and statistical analyses
to measure specific aspects related to the
acceptance and adoption of ChatGPT, which

Table 1
Geographical Location and Number of Citations

Continent Country Citations Authors
Iraq, Kuwait, Lebanon and Jordan 170 Abdaljaleel et al. (2024)
Hong Kong 148 Lai et al. (2023)
Jordan 143 Sallam et al. (2023)
Saudi Arabia, Malaysia and China 83 Almogren et al. (2024)
Malaysia 83 Dabhri et al. (2024)
Malaysia, Indonesia, Singapore, Brunei, Thailand and the Philippines 65 Bouteraa et al. (2024)
China 39 Xu et al. (2024)
Saudi Arabia 37 Sobaih et al. (2024)
Philippines 32 Espartinez (2024)
Bangladesh 26 Mahmud et al. (2024)
Asia Bangladesh 26 Mahmud et al. (2024)
Saudi Arabia 25 Elshaer et al. (2024)
Palestine 21 Abdalla (2024)
Saudi Arabia 20 Al-Abdullatif and Alsubaie (2024)
Bangladesh 16 Rana et al. (2024)
Saudi Arabia 14 Abdullatif (2024)
India 14 Chellappa and Luximon (2024)
Turkey 13 Glner et al. (2024)
Pakistan 8 Parveen et al. (2024)
Indonesia 8 Margono et al. (2024)
Indonesia 8 Habibi et al. (2024)
Europe United Kin.gdom 146 Singlﬁ et al. (2023)
Croatia 23 Bubas et al. (2023)
Hungary and Serbia 14 Marjanovic et al. (2024)
Valencia 3 Cebrian et al. (2024)
America Peru 48 Acosta-Enriquez et al. (2024)
Oceania New Zealand 39 Stojanov et al. (2024)
Africa Egypt 6 Nemt-allah et al. (2024)
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Figure 3
Percentage of Studies by Research Method

Método de investigacion

14.8%

77.8%
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facilitates generalization of the results.Only
two studies applied a qualitative approach,
focused on exploring deeper experiences
and perceptions. Four studies employed a
mixed approach, integrating quantitative and
qualitative methods to obtain a more complete
picture (Figure 3).

Data Analysis Techniques Used

The studies reviewed used various data analysis
techniques (Table 2), notably Structural Equation
Modeling (SEM) and its variant based on Partial
Least Squares PLS-SEM, as well as Confirmatory
Factor Analysis (CFA) and Exploratory Factor
Analysis (EFA), reflecting a strong interest
in validating theoretical models. Descriptive
and inferential statistical techniques, such
as parametric, correlational, and stepwise
regression analyses, were also employed to
identify relationships between variables and
to understand the factors that influence the
acceptance of ChatGPT by students and teachers.
In the case of qualitative studies, methods
such as thematic analysis of interviews and
sequential explanatory design were applied to
explore experiences and perceptions in depth.

The mixed approaches combined quantitative
and qualitative analyses through interviews,
content and discourse analysis, and SEM models
with reflective interviews, thus achieving a more
comprehensive view of the impact of ChatGPT on
education.

Theoretical Models and Methodologies
Used

The studies analyzed present a strong focus on
the use of theoretical frameworks, since 96.3%
(26 out of 27) specify them (Table 2). The most
commonly used theoretical models include the
Technology Acceptance Model (TAM), together
with its extended version, representing 30.8% of
the research. This model focuses on usefulness
and ease of use as determinants of technology
adoption (Davis, 1989; Venkatesh et al. 2003). The
extended version incorporates variables such
as trust and user experience, and offers a more
enriched approach.

The VAM appears in 7.6% of the studies and
stands out for its analysis of perceived wvalue
in the personal and social sphere. Its extended
version integrates academic value and its impact
on learning. On the other hand, UTAUT, together
with UTAUT2 and its combination with TPB, are
present in 27% of the studies. These modelsinclude
variables such as performance expectancy,
effort, social influence, (Lai et al., 2024) and other
psychological factors (Venkatesh et al. 2003).

Finally, some studies proposed proprietary
models such as TAME-ChatGPT and others
employed qualitative methods such as interviews
and Q methodology to explore individual patterns
and opinions (Stephenson, 1980).

Factors Included and Reliability
Obtained

Of the total studies analyzed, 23 included the
instruments used, while only four did not: Al-
Abdullatif and Alsubaie (2024), Almogren et al.
(2024), Margono et al. (2024), and Marjanovic et
al. (2024). The instruments show variability in
their length, ranging from eight to 75 items. This
wide availability of the different instruments
represents an advantage for future research,
as it facilitates replicability and comparison of
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Table 2
Técnicas de Andlisis de Datos, Modelos y Métodos

Method Data Analysis Techniques Model/Method Authors
Thematic analysis of interviews TAM Xu et al. (2024)
Qualitative ) . Interviews and semi-
Sequential explanatory design . . Margono et al. (2024)
structured questionnaire
Extended VAM Mahmud et al. (2024)
VAM Al-Abdullatif y Alsubaie (2024)
UTAUT2-TPB Habibi et al. (2024)
Acosta-Enriquez et al. (2024)
UTAUT2
Sobaih et al. (2024)
Bouteraa et al. (2024)
PLS-SEM
Elshaer et al. (2024)
UTAUT
Parveen et al. (2024)
Rana et al. (2024)
Abdullatif (2024)
TAM extendido
Quantitative Lai (2023)
Abdalla (2024)
Factor analysis and stepwise regression = TAM Bubas et al. (2023)
SEM and CFA Almogren et al. (2024)
EFA Sallam et al. (2023)
TAME-ChatGPT
EDy CFA Abdaljaleel et al. (2024)
DS and parametric analysis Critical use of ChatGPT Stojanov et al. (2024)
DS and inferential Perception of ChatGPT Chellappa y Luximon (2024)
SEM, CFA D&M model Marjanovic et al. (2024)
EFA, CFA ChatGPT Usage Scale Nemt-allah et al. (2024)
DS and correlational analysis NE Singh et al. (2023)
PLS-SEM and reflective interviews Extended TAM Dahri et al. (2024)
PLS-SEM, DS, correlational and content .
i TAM Gliner et al. (2024)
analysis
Mixed DS and discourse analysis ChatGPT usage scale Cebrian (2024)
Interviews, factor analysis, .
Q methodology Espartinez (2024)

correlational, and content analysis

Note: NS=Non-Specific; DS=Descriptive Statistics.

results in subsequent studies. Likewise, 18 studies
report reliability values (Table 3) that evidence
that the acceptance and adoption of ChatGPT in
educational and technological environments is
influenced by multiple factors.

Among the most relevant are perceived

usefulness, social influence, behavioral intention,
and ease of use. In addition, cognitive and affective
factors have been explored, such as anxiety,
perceived enjoyment, motivation,
perceived risk; technological and social aspects
such as Al literacy, trust, and information quality.

intrinsic
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As for the reported reliability levels (Table 3),
these are adequate, with Cronbach'’s alpha (a) and
composite reliability (CR) values mostly exceeding
the 0.70 threshold. This suggests that the scales are
consistent and accurately measure the constructs
of interest. Particularly factors such as learning
motivation (a=0.925), responsible use of ChatGPT
(a=0.975), and behavioral intention to use (a up
to 0.934) showed high levels of reliability, which

reinforces their validity in the analyses conducted.
It should be noted that some studies have begun
to pay attention to ethical implications, such as
perceived risk and responsible use of ChatGPT.

Finally, the studies that analyzed a greater
number of factors and reported outstanding
reliability values are those of Acosta-Enriquez
et al. (2024), Almogren et al. (2024), and Bubas
et al. (2023).

Table 3

Factors Used and Reliability Obtained in the Studies

Factors included in studies with Cronbach'’s alpha (o) or

Author . -,
composite reliability (CR)
1. Conscientiousness (CR=0.730) . .
X . . 5. Perceived enjoyment (CR=0.707)
Abdalla (2024) 2. Behavioral intention (CR=0.754) o
. 6. Personalization (CR=0.610)
3. Perceived ease of use (CR=0.625) -
) 7. Social influence (CR=0.598)
4. Perceived usefulness (CR=0.766)
Collaborative learning (¢=0.903) o
6. Motivation to learn (a=0.925)
Use of ChatGPT (¢=0.826) . . .
. . . 7. Learning satisfaction (¢=0.884)
Abdullatif (2024) Interactive learning (¢=0.898)

vl W

Quality of interaction (a=0.834
Quality of information (a=0.878)

8. Perceived ease of use (a=0.926)
9. Perceived usefulness (¢=0.924)

Acosta-Enriquez et al.
(2024)

N W

Boredom (2=0.885)

Acceptance (a=0.977)

Negative emotions (¢=0.862)

Positive emotions (¢=0.931)

Ease of use (¢=0.919)

Perceived importance (a=0.969)
Intention to use it frequently (a=0.965)

8. Intention to verify the information
(0=0.612)

9. Interest (¢=0.949)

10. Perceived opportunity («¢=0.947)

11. Perceived risk («=0.728)

12. Responsible use of ChatGPT (a=0.975)
13. Perceived usefulness (¢=0.926).

Al-Abdullatif y Alsubaie
(2024)

woN e

Perceived usefulness (¢=0.892)
Perceived enjoyment (¢=0.896))
Perceived risk (a=0.857)
erceived rates (¢=0.802)

5. Perceived value (¢=0.862)
6. Intention to use (¢=0.814)
7. Al literacy (0=0.829)

Almogren et al. (2024)

Test ability (a=0.900)

Perceived compatibility (¢=0.730)
Relative advantage (¢=0.800)

Trust in ChatGPT (¢=0.720)

Quuality of feedback («#=0.760)

Perceived quality of evaluation (¢=0.840)

7. Social norms (¢=0.760)

8. Perceived ease of use (¢=0.730)

9. Perceived usefulness (¢#=0.840)

10. Attitude toward the use of ChatGPT for
education («¢=0.740)

11. Behavioral intention to use (¢=0.900)
12. Acceptance of ChatGPT in education
(a=0.890)

Bouteraa et al. (2024)

B oW o

Use of ChatGPT (CR=0.913)
Perfomance expectancy (CR=0.864)
. Effort expectancy (CR=0.932)

. Social influence (CR=0.848)

5. Educational self-efficacy (CR=0.844)
6. Technological self-efficacy (CR=0.911)
7. Personal anxiety (CR=0.849)

8. Student integrity (CR=0.935)

Revista Digital de Investigacion
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Bubas et al. (2023)

1. Perceived Usefulness (¢#=0.770)

2. Overall usability («#=0.760)

3. Learnability («#=0.670)

4. System reliability (¢=0.790)

5. Visual design and navigation (a=0.780)
6. Information quality (¢=0.820)

7. Information visualization (¢#=0.790)
8. Cognitive engagement (a=0.880)

9. Attractiveness of design (a=0.810)
10. Trust (a=0.820)

11. Personification (¢=0.810)

12. Perceived risk (¢=0.860)

13. Intention to use (¢=0.900)

Lai et al. (2023)

=N

. Intrinsic motivation (a=0.898)

N

. Perceived ease of use (¢=0.906)

3. Perceived usefulness (¢=0.869)
4. Behavioral intention («#=0.878)

Dahri et al. (2024)

1. Personal competence (¢=0.810)

2. Social influence (¢=0.880)

3. Confidence in Al (¢=0.870)

4. Perceived usefulness of Al (¢=0.860)
5. Perceived enjoyment (¢=0.810)

6. Perceived intelligence of Al (¢=0.860)
7. Attitude toward the use of ChatGPT
(a=0.870)

8. Metacognitive self-regulated learning
(=0.830)

9. Intention to use ChatGPT (¢=0.890)

Elshaer et al. (2024)

-

. Performance expectancy (a=0.875)
. Effort expectation (¢=0.940)
. Social influence (a=0.842)2)

w N

4. Facilitating conditions («¢=0.941)
5. Behavioral intention (a=0.859)
6. Use (¢=0.928)

Guner et al. (2024)

1. Perceived usefulness (¢=0.856)
2. Perceived ease of use (¢=0.727)
3. Attitude toward use (¢=0.873)

4. Behavioral intention (a=0.858)

5. Perceived enjoyment (2=0.892)

6. Concern about privacy on the Internet
(a=0.886)

7. Personal innovation (¢=0.831)

8. Social influence (¢=0.906)

Habibi et al. (2024)

-

. Performance expectancy (a=0.895)
. Effort expectancy («=0.904)

. Hedonic motivation («¢=0.949)

. Facilitating conditions (a¢=0.938)

. Habit (a=0.726)

a b w N

6. Attitudes (¢=0.900)

7. Subjective norms («=0.911)

8. Perceived behavioral control (¢=0.930)
9. Behavioral intention (¢=0.915)

10. ChatGPT use (¢=0914)

Mahmud et al. (2024)

1. Perceived usefulness (CR=0.904)
2. Perceived enjoyment (CR=0.896)
3. Perceived technicality (CR=0.886)
4. Perceived cost (CR=0.893)

5. Intention to adopt (CR=0.951)

6. Attitude (CR=0.933)

7. Social influence (CR=0.942)

8. Self-efficacy (CR=0.906)

9. Person innovation (CR=0.909)

Marjanovic et al. (2024)

. System quality (a=0.899)
. Usage (a=0.894)

N

3. User Satisfaction (¢=0.939)
4. Net Benefits (¢=0.927)

Parveen et al. (2024)

1. Performance expectancy (a=0.918)
2. Expectation of effort («¢=0.887)

3. Social influence (¢=0.905)

4. Facilitating conditions (a=0.925)

5. Perceived value (a=0.968)

6. Perceived play (¢=0.834)

7. Attentional focus (a¢=0.960)

8. Behavioral intention (a=0.823)

Rana et al. (2024)

1. Performance expectancy (¢=0.908)
2. Effort expectancy (¢=0.924)

3. Social influence (¢=0.876)

4. Facilitating condition («¢=0.901)

5. Trust (¢=0.907)

6. Privacy (a=0.938)

7. Behavioral intention (¢=0.934)
8. Current use behavior (¢=0.895)

Sallam et al. (2023)

1. Perceived risk (a=0.876)
2. Technology/social influence (a=0.858)
3. Anxiety (a=0.827)

4. Perceived usefulness (2=0.885)
5. Perceived risk (¢#=0.718)

6. Perceived ease of use (2¢=0.824)
7. Behavior (¢=0.781)

Sobaih et al. (2024)

1. Performance expectancy (a=0.806)
2. Social influence (¢=0.850)
3. Effort expectancy («#=0.944)

4. Behavioral intention (¢=0.831)
5. Facilitating conditions («¢=0.839)
6. Use of ChatGPT (0=0.848)

Note. a= Cronbach’s alpha; CR= Composite Reliability.
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Figure 4
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On the other hand, Figure 4 shows the
factors studied and their average reliability
levels obtained. Perceived usefulness and social
influence are the most analyzed, followed by
behavioral intention to use, with reliability
values between 0.851 and 0.863. In contrast,
performance expectancy (0.878) and effort
(0.922), evaluated in six studies, present higher
levels. Other factors less addressed are attitude
of use (0.863), enjoyment (0.840) and perceived
risk (0.808), each analyzed in five studies. Taken
together, theseresultsreflect that theacceptance
and adoption of ChatGPT in education has been
explored from multiple factors, with varying
depth levels.

Sampling Methods and Sample
Characteristics

Analysis of the studies reveals the use of
various sampling methods (Table 4). The most
frequent was convenience sampling (37.04%),
reflecting a tendency to select participants in
an accessible manner, possibly due to time and

resource constraints. Other methods used were
random (11.11%), purposive (11.11%) and stratified
random (11.11%) sampling, the latter used to
analyze differences between various strata of
the population. Snowball and quota sampling
were less common (7.41% and 3.70%, respectively).
While 18.52 % of the studies did not specify their
sampling method.

Regarding sample size, there was great
variability, with studies ranging from less
than 30 to more than 2,000 participants.
Regarding gender distribution, in general, a
higher proportion of women was observed.
For example, in the study by Abdaljaleel et al.
(2024), 1,615 women participated versus 625
men. The age ranges were also diverse, ranging
from under 18 to over 50 years of age. Most
studies focused only on university students,
concentrating on the 18-30 age range. However,
some papers, such as Marjanovic et al. (2024),
also included teachers, allowing for a broader
perspective on the adoption of ChatGPT at
different life stages.
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Table 4

Meétodo de Muestreo y Caracteristicas de las Muestras

Age Range or
Sampling Method Authors Sample Size Division by sex Average
Male Female (vears)
Almogren et al. (2024) 458 197 261 De18a>34
Acosta-Enriquez et al. (2024) 499 238 261 De 17 a>46
Sobaih et al. (2024) 520 285 235 De20a30
Al-Abdullatif y Alsubaie (2024) 676 109 567 <18 a>25
Abdaljaleel et al. (2024) 2,240 625 1.615 ME=22.25
124

Convenience sampling Bubas et al. (2023) (+2 0 indicaron) 67 57 18 to >26
Lai et al. (2023) 473 316 157 18 to >24
Dabhri et al. (2024) 300 270 30 20to 30
Sallam et al. (2023) 458 143 315 ME=21
Xu et al. (2024) 187 82 105 ME=21.54
Bouteraa et al. (2024) 921 332 589 18 to >40
Parveen et al. (2024) 505 198 307 NS

Random sampling
Chellappa y Luximon (2024) 149 68 81 NS
Cebrian et al. (2024) 150 120 30 ME=20.1

Purposive sampling Mahmud et al. (2024) 369 235 134 ME=20.49
Marjanovic et al. (2024) 2,897 1.589 1.308 <30 a>50
Espartinez, (2024) 27 10 17 <18 a >55

Stratified random Abdalla (2024) 157 80 77 De18a>23

sampling Nemt-allah et al. (2024) 443 194 249 ME=27.4
Rana et al. (2024) 310 184 126 18 to >50

Snowball sampling Margono et al. (2024) 25 14 11 23t0 46

Quota sampling Habibi et al. (2024) 2,078 NS NS NS
Abdullatif (2024) 262 87 175 18 to >35
Guner et al. (2024) 88 42 46 NS
Elshaer et al. (2024) 500 306 194 <20a30

NS Singh et al., (2023) 430 NS NS NS
Stojanov et al. (2024) 484 183 301 ME=24.26

(+ 6 non-binary)
Note. ME=Mean; NS=Non-Specific
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Discussion

This systematic review reflects a growing interest
in exploring the acceptance and adoption of
ChatGPT as a teaching and learning tool in various
academic contexts (Kizilcec et al., 2024; Rodway &
Schepman, 2023; Saihi et al., 2024). However, the
number of studies remains limited, evidencing
that its academic use is still in its infancy (Firat,

and highlights the usefulness and adaptability
of such models to understand the dynamics
associated with ChatGPT adoption. However,
the literature also shows a growing orientation
to extend them, combine them or even develop
specific models to address the particularities of
this new technology (Habibi et al., 2024; Lai et al.,
2023; Parveen et al., 2024; Rana et al., 2024; Sallam
et al., 2023).

2023; Smerdon, 2024) and that this technology
is just beginning to be formally integrated
into university settings. With the continued
diversification and expansion of ChatGPT
applications in educational contexts, researchers’
attention in analyzing its impact and effectiveness
from multiple approaches is likely to increase (Ijaz
& Yadegaridehkordi, 2024).

Geographically, although most studies are
concentrated in Asia, there are also contributions
from other regions, suggesting an international
perspective. This is consistent with [jaz &
Yadegaridehkordi (2024), who highlight a global
and culturally diverse approach to the integration
of ChatGPT in higher education.

Methodologically, the use of quantitative
approaches predominates, especially PLS-SEM,
CFA and EFA, reflecting a clear orientation
towards validation of established theoretical
models using statistical structures. This trend is
supported by ljaz & Yadegaridehkordi (2024), who
confirm the preference for quantitative methods
in current research on the use of ChatGPT
in education. However, recent studies with
qualitative approaches (Rodway & Schepman,
2023; Saihi et al., 2024), underline the relevance
of exploring perceptions, ethical tensions, and
context-differentiated uses, highlighting the
need for research that delves deeper into users’
experiences.

In relation to theoretical frameworks, the
findings coincide with those reported by Buba$s
et al. (2023), Ijaz & Yadegaridehkordi (2024), and
Bouteraa et al. (2024), who highlight that TAM
and UTAUT are the most widely used frameworks
to analyze the acceptance and adoption of
technologies, including ChatGPT, in educational
contexts. This convergence evidences a dominant
theoretical line in the study of the phenomenon

Perceived usefulness, social influence and
behavioral intention to use are among the
most analyzed factors. Perceived usefulness,
recognized as a key predictor (Al-Abdullatif
2024; Almogren et al., 2024; Dahri et al., 2024;
Lai, 2023; Sallam, 2023) reflects the value users
attribute to the tool for improving their academic
performance. In contrast, social influence shows
limited impact (Abdalla, 2024; Strzelecki, 2023),
suggesting greater autonomy in the usage
decision. Less studied but relevant factors driving
ChatGPT use also emerge, such as risk (Sallam
et al., 2023), enjoyment (Abdalla, 2024; Dahri et
al., 2024; Guner et al., 2024), and perceived use
attitude.

Regarding sampling, the literature reflects
a predominant use of convenience sampling,
due to its feasibility, cost-effectiveness (Xu et
al., 2024), affordability, efficiency and ease
of implementation (Abdaljaleel et al., 2024).
This predilection for selecting participants in
an accessible manner, while facilitating data
collection, significantly compromises the
generalizability of findings (Acosta-Enriquez et
al., 2024; Dahri et al., 2024; Xu et al., 2024).

Furthermore, although some studies address
ethical issues, these have been poorly integrated
into the models analyzed. Given the potential
impact of ChatGPT on assessment, authorship,
and equity, there is a need to incorporate stronger
ethical Several investigations
have noted student concerns related to bias,
technology dependence, loss of critical skills, and
lack of clear institutional guidelines (Farhi et al.
2023; Rodway et al., 2023; Saihi et al., 2024).

It is important to consider that this review
presents common limitations that affect the
generalization of the results obtained. In many
studies, the use of convenience sampling and

frameworks.

Revista Digital de Investigacion en Docencia Universitaria 2025, 19(2) 12



Acceptance and adoption of ChatGpt in higher education: a systematic review

cross-sectional designs predominates, which
limits representativeness and the possibility of
establishing causal relationships. In addition,
they focused on specific cultural or institutional
contexts, and used self-reported data, susceptible
to response bias. They also identified little
diversity in the samples. Given the emerging
nature of ChatGPT, longitudinal and mixed-
methodology research is recommended to better
understand its adoption in higher education.

Given these findings, it is recommended that
future research expand its geographic coverage,
especially outside Asia, to obtain a more global
understanding. It is also suggested to incorporate
solid ethical frameworks, adopt mixed
methodological and qualitative approaches,
and analyze the effects of using ChatGPT on
dimensions such as authorship, academic
integrity, and the development of critical
thinking. Finally, it is critical that institutions
develop strategies and policies that promote
an ethically and pedagogically responsible
integration of Al into education.
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